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Why do we need to be able to
identify “Imprecise” data?

Some data can be imprecise to the point of not
being informative.

» Precise data can be supplemented with lists of species
by county/watershed to account for nearby species.

Sometimes it is desireable to “weight” data based
on mapping precision for landowner analyses.

Can help prevent reporting species where they
obviously don’t belong.

Can affect how you approach fuzzing data for an

analysis
.
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Example 1 — Obvious Misreporting of Species
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Example 2 — Potential Effects on Landowner Analyses
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Example 3 — Affect of Imprecise Data on Fuzzing

“Fuzzed” EO Boundary
(yellow)
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“Imprecise” Data — how do
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Precision Attributes — Then
and Now

= BCD Age:

. Prec;ision (Seconds, Minutes, General, Unmappable,
Etc.

= Biotics Age:
. Rep)resentation Accuracy (Very Low, Medium, Very High,
Etc.

 Locational Uncertainty Type (Areal Estimated, Areal
Delimited, Negligible, Etc.)

* Locational Uncertainty Distance (meters, miles,
kKilometers, etc.)
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Representation Accuracy

Value selected from a drop-down menu that indicates the level of
accuracy associated with the Element Occurrence Representation
(EO Rep). Accuracy varies on the basis of area observed to be
occupied by the Element relative to the area contained within the
footprint of the EO Rep. Differences in these two values result
from incorporation of additional area within the EO boundary to
Incorporate associated locational uncertainty. Representation
Accuracy (RA) provides a common index for the consistent
comparison of EO Reps, thus helping to ensure that aggregated
data are correctly analyzed and interpreted.

Domain values for Representation Accuracy Value are
Very high

High

Medium

Low

Very Low

Unknown

(null) - Not assessed &
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identity Rests

Low RA

Vague locational data results in significant area added to
represent uncertainty and low accuracy.

L-!qln:: |r'|q;|rr:}ﬁrla-_,gr:-
=} example

+| Astragaius newbernyl var, castoreus

A7 BOFSY4_1nt - Notepad

Farmat  Hal

Element Occurrence Record
EO ID: 10520

ELCODE: POFABOFSY4
ECONLM 1

scientific mame:

Astragalus newberryi war. castoreus
Common Mame:

newberry's Milkvetch

Place mame:
METECR

birections:
10 miles s of Rogerson. L

Date First observed:
1945-05-30
Date Last observad:
1945-05-30

observations:
1945: collected by ripley and Barneby.

EO Type:

Habitat:
sagebrush masa,

Reference:
Idaho Conservation Data Center.

2

Locabor: | 486855 TOTE36. 11 2263 252210]

| Faskd

FI

Shape
FEATURE_ID
EO_ID
ELCODE
EC_MM
SHAME
SCOMMAME
EC_TYPE_BC
HOTLINE
CODE_hum
krang

bypa

v

040_
EG_ID_1
PRECISION
FIRST_O85_
LAST Q&5 D
BASIC_EO_R
5_PLANE

| 5 _PROTECTI

G_RANE
ESASTATUS
BM
LEFS_R1
LEFS R4

Wahse

a

Padygon

1950

Pl

POFABOFSYS

1

Astragaius newherryd var, Cashoneus
Hewbenry's Millovetch

ccledetet IPOFAIBOFSYS L tat
POFAEDFSYA]

-]

P

FD

ar

10520

&

1945-05-30
15HG-05-30
H

52

5

G515

TYPE 4

4

Significant area added to represent
poorly known location
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Medium RA

As the quality of locational data increases, accuracy

Increases.

Lagpers | £ T oprinddh Lpais

= Example
= Atragabs betraptens

T Qocurreénce Record
398
POFABGF VT

sclientific mame:
Astragalus tetrapterus
COommon Name:
:’:-_.r-'n.-‘ing HiTkvetch™

Flace Mame:
SHLMON FALLS CREEK RESERVOIR EAST

pirections: N

R el
1979-06-10

pate Last observed:

1979=-05=10

chservations:

137%: No data. collected by Packard.
EO Type:

Habftan:

Reference:
pPackard, Patricia

cmall drainage € of Salmon Falls Cresk Reseérvoir, § f——

_'.]I
- |
Lescabor: (435361, 342403 104679 47 3003 |
Pl Vs
Fio 1
Shape Pedygon
FEATLRE_ID 12632
ES_I0 ]
ELCODE POFABOFEYD
EQ_MLM 1
AL Agtragals telraplens
STOMMAME  Four-wing Milovelich
E_BC
¥ c.'l.i:\dc!e-t:'f.'.fﬁlb'.l'-o’-'l.'l_'..l-t
M POFARBIFEVDL
&l
3]
S
1 JA
BON_ M
(ES_ 1979-06-10
s D 1579-06-10
O R
51 |
JECTI 1 |
o
VLS 1
T™FE 3 1
¥
Moderate area added to represent
| location with some uncertainty
| 2]

rocky, ashy bottomland; white volcanic ash derived material.
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High RA

Very specific locational data allow precise mapping with

high accuracy.

Libertily Besults E M

Layers |(|'r,|p-mo:erEu ﬂ
= granple Liscahon: [E27129 867953 104502 051025)
IR [y | vae
FID 4
Shags Podrgon
FEATLRE ID 20072
EQ_ID a2
ELCOE AEFERDLOGD
EQ_WNoM 1o
SHAME Lanius hadowoianus

SCOMMAME  Loggerhaad Shiike
EQ_TYPE_BC  NESTING TERRITCRY
HOTLINE crlodctest | ABPEIROL 000 _10 et
CODE_MUM  ASFERDI0G0LD

trans 70
Eype A
el AE
QI w02
EG D1 o2

PRECISION, 5
FIRST_OBS5_ 19940513
LAST _OFS B 1994-05-13
BASIC_ED_R

5_RANK 53
S_PROTECTI SC

G _RARaC o
ESASTATLS

B TYPE 3
USPS_R1

UGFS_R4

o |2

Specific location with minimal area
o added for uncertainty

E1

ﬂ_lm.-w

E | Ement C‘{{LII“I‘EI"I ce Record
EQ ID:

ELCOME & .ﬁEFERCd.Cl]l:I
ECHLM § O

scientific mama:
Lardus Tudovizianus
Common Hame ;
Loggerhead Shrike

Place Wame:

pirections:

Briowns Bench, 5 of the southern end of Salmon Falls cresk Reservolre.

pare First obssrved:
1o -05-13

pate Last obftérved:
1004 -05-13
ohiervations:

= Jarbidge Ra,

ED Type
h.IE‘TJ_'J,I TERRITORY

Habitat:
'mu:r.es “hig

RETEr EMNCE]

= Boise pistrict BLmM, Jarbidge Ra.

19%4: 2 adults and 2 eggs fn a nest wore observed on 5713 by 3im klott,

wyoming ’"1{ sagebrush/bottlebrush squirreltall.
: nast is abour 34 inches above ground.

nest shrub 15 abour 40

-
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Pros and Cons of Using

Representation Accuracy for

MJD Projects

= Pros:
« Single field (like BCD Precision)

 Standard methodology (in theory)

Standard domain values

= Cons:

Not filled out for a majority of records
Not 100% sure if it's been filled out consistently

Aggregate value of Source Feature accuracy (OK when
just one Source Feature but can be a problem when
there are many SFs.

Not sure if it’s totally reliable (i.e. are some programs
not using it, or tracking “precision” with other fields?)

d

NatureServe



o

OIEENC

Spatial Precision — Filtering
Methods

Using RA value only

Using RA value if it is populated, and Locational
Uncertainty when RA is null.

Areareview (where RA is null)
Weighting based on spatial precision

Determining presence based on overlap
percentage

Drawbacks: 2 through 5 can be bulky and
somewhat subjective.

d
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Filtering Methods - Using RA Value
Only

= “You either got it or you don’t.”

= Because RA is filled out for a minority of records,
leaves a large number that are labeled
“unknown”.

f "':.:' Attributes of Fote_eo_polys_041708.shp - 01X
S ol Lo seammaa I Han ae oom S & o Sivad x o | £
1982-05-14 Areal - Delimited / [1] Werp High kY Confident full extent of EO i= lﬂ
2005-09-16 Meglgible / [2] Werp High ? Idncertain whether full extent
2005-04-10 Areal - Estimated 10040 [2] i Yer High ? Idncertain whether full extent
2002-09-16 Areal - Estimated 50/ [2] Werp High ? Idncertain whether full extent
1968-04-23 Areal - Estimated 200/ [1] Werp High M Confident full extent of EO iz
2004-04-07 Meghgble / [1], Areal - Estimak YYery High M Confident full extent of EO iz
1995-06-24 Areal - Estimated 400/ [1] Werp High M Confident full extent of EO iz
13280-09-26 Areal - Delimited £ [1] Yerp Low | G precizion record updated o g 7 Incertain whether full extent
193395-06-09 tAreal - Defimited /1] i Wery Low -
Kl 3

Q

!
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Filtering Methods - Using RA and
Locational Uncertainty

= Use RA for records that have it, and set criteria
based on LU for those that don't.
« example: select records where ((RA =“Very Low”) or

RA is null and (LU = Areal Estimated and LU Distance >
8,000 m))

= Problems

 Works well for records based on one Source Feature, or
where all SFs are of the same LU Type, but not when EO
IS based on multiple SFs of multiple LU Types

« Sometimes LU filtering logic doesn’t hold up

« example: filter out EOs that are Areal Estimated and
greater than 8,000 m LU distance, but then find records
with these same values that have an RA of “High”.

« Time Consuming
 Lots of manual review; iterative process
« Some programs use different or multiple LU Distance Units

g
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Filtering Methods - Using RA and
Locational Uncertainty

= Problem Example 1. Locational Uncertainty Info =
Areal - Estimated 4000/ (1), Areal - Estimated 1500/
(1), Areal - Estimated 800/ (1)

d
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Filtering Methods - Using RA and
Locational Uncertainty

= Problem Example 2: Negligible / (7), Areal -
Estimated 3000/M (2), Areal - Estimated 4000/M (3),

Areal - Estimated 10000/M (1), Areal - Estimated
8000/M (1)

Q

NatureServe



Filtering Methods - Using RA and
Locational Uncertainty

= Another problem is that there is some threshold at
which the size of an EO relative to an overlay feature
can be more important than spatial precision of the
EO itself. This can be difficult to determine and apply.

RA = Very Low

Q
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Filtering Methods — Area Review

= Find all shapes larger than “X” square miles and
review their attributes to try and assign a
precision, and/or send to NHPs for review.

= Problems:
e Size “cutoff’” can seem arbitrary
e Size alone is not confirmation of an imprecise record

« Time Consuming — manual process; need to build in
funding and turn-around time for program review.

d
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Filtering Methods — Weighting

= Assign a spatial precision category based on a
combination of RA, LU, Area Review, and
geographic overlap.

= High, Medium, Low, Unknown, and “Subsumed”

= Subsumed EOs are completely enclosed by an

analysis input feature, which trumps the RA and
LU values.

ﬂ ' Q
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Filtering Methods — Overlap

= Accepting or rejecting the presence of a species
In a project area based on percent overlap.

= Problems

 What is the “correct” overlap cutoff percentage?

* The total area of the EO vs the total area of the overlap
polygon can be a factor that needs accounted for.

Q
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Possible Solutions for Identifying
Imprecise Data

Automate the population of Representation
Accuracy.
 Write a script that automates the RA logic and assigns
an RA value to an EO based on Source Feature

attributes where possible, and flags EOs that require a
manual review.

Create a new “Imprecise” flag field

« Programs know their data best, and since programs may
be flagging things different ways, this would be a “Y/N”
field that tells NatureServe if a program deems a record
Imprecise based on their judgement.

There isn’t one —what we're doing now is the
best way.

None of the above — Other Ideas?

d

NatureServe



Open Discussion

Is identifying imprecise data an issue for any
programs in the room?

If so, how are programs handling this locally?

Are there any ideas for other ways to handle this
Issue that have not been mentioned?

General comments/questions?

d
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Bonus Slide!

= What are the arguments for, and against,
continuing to use 1970 as a cutoff year for filtering
out EO data based on Last Observed Date?
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